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Workshops om Al i byggeriet

Workshop 1

Vision og inspiration
Hvilke cases er der?
Hvordan arbejder vi med
Al i fremtiden?

Mandag d. 18.03
kl. 09:00-12:30
Lokation: BLOXHUB

Workshop 2
Impact

Risici og trusler vs
muligheder og
potentialer.

Hvad betyder det
branchen?

Mandag d. 22.04
kl. 12:30-15:30
Lokation: DI

Workshop 3

Strategi og
implementering
Hvordan ser en strategi
ud ift. Ukendt fremtid?
Hvordan sikrer vi
implementering?

Mandag d. 13.05
kl. 12:30-15:30
Lokation: BLOXHUB

Workshop 4
Forretningsmodeller og
feelles indstas

Hvordan aendrer
samarbejder sig og hvad
tjener vi pengene pa?
Hvordan sikrer vi
udbredelse?

Mandag d. 3.06
kl. 12:30-15:30
Lokation: DI

Afslutningskonference og Scrap book
Mandag d. 25 eller 26.06.2024
kl. 09:00-15:30
Lokation: DI/Molio
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12:30 Velkomst, Sgren Cajus, DI

12:40 Intro til Al og pointer fra sidste workshop - Niels Falk, HD Lab og Ole Berard, ConTech Lab
13:00 Oplaeg, Muligheder og Impact af Al - Tiago Peirera, Nordfy

13.30 Workshop del 1; Hvad frygter I?

13:50 Oplaeg: EU Al ACT, Nicolaus Falk Scheibel, Kammeradvokaten

14:15 Spe@rgsmal til opleegsholdere

14:25 Kort pause

15:00 Workshop del 2; Impact af Al i byggebranchen

15:20 Afrunding og tak for i dag
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Artificial intelligence (Al) is the intelligence of machines 'Kunsti g
and the branch of computer science that aims to create it. Al i nt O 11 i gens ’ er
textbooks define the field as "the study and design of °
intelligent agents” where an intelligent agent is a system that nar en Compu t er
perceives its environment and takes actions that maximize its eller software
chances of success. - - agerer, arbejder

(http://en.wikipedia.org/wiki/Artificial_intelligence)
eller reagerer

som et menneske..




Al deekker over mange teknologier, som far

maskiner til at agere intelligent...

Computer
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Al arbejder med Kunstig —
menneskelig indsigt

og star pa vores

«— Modeller

Data ——

I
I
e <—— Intelligens




TRANING AF Aler CON

TECH
DnW All Images View Import L A B _

(# Label

I’

Train

@ Use

All Images 116
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80% of your images are
predicted correctly,
20% incorrectly.




Regelbaseret intelligens

L HL
Genkendelse af m¢nste, klassifikation

Original unclustered data Clustered data

X A) Read Aloud
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Reading speed

. Voice Selection
ekst til tale

v Alex
Daniel
Fiona
A Fred
Karen
Moira
Rishi
SEINENIGE]
ale til tekst -
f [ o
¥ \J MESSAGES
. Farmor

Hej skattepenge kommer du hjem til mig efter skole
jeg har kebt kage og sa drikker vi te okay Siri send til
liv hallo hvad laver den Peter prov at lade vaer med at
sige noget

Press for more
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Sprogforslse og interaktion

Google Assistance Alexa SIRI
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Diagnostic
analysis

Why did it happen?

Descriptive
analysis

What is going on?

Information

/

*Insight”

Predictive
analysis

What will happen?

"Experience”

Prescriptive
analysis

How can we make it
happen?

” Providence”

A
Optimization

J9UlJDH WOIl USTO01S (%

Difficulty



GOD Al ER ET SAMARBEJDE MELLEM
MENNESKER OG MASKINER
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! If it take 3 hours to dry 3 towels - how long will it take to dry 10?

If it takes 3 hours to dry 3 towels, we can use the concept of proportionality to find out how
long it will take to dry 10 towels.

Let's set up a proportion:

Time to dry 3 towels __ Time to dry 10 towels
Number of towels 10

Plugging in the given values:

3 _ oz
37 10
P Solving for z, we get:

Explain this code:

x = 10 hours.

So, it will take 10 hours to dry 10 towels.




pts / txt2img.py (&

icenses and naming

|RE3]3:8 Custom Al Models For Unique Images s

rgparse, os

We can train an Al model (Checkpoint or LoRA)

; . in Stable Diffusion based on a chosen style or a

_____ RN AT e N e . companies’ portfolio of work so that Al images
2\ can be generated for future projects.

)s 1mport rearrange
ivision.utils import make_grid
‘ich_lightning import seed everything
== (dmport autocast

‘ ‘ixtlib import nullcontext

lermark import WatermarkEncoder

"

R A s

& [til import instantiate_from_config
jodels.diffusion.ddim import DDIMSampler
lodels.diffusion.plms import PLMSSampler
jodels.diffusion.dpm solver import DPMSolverSampler

\grad_enabled(False)

|
DT
: |it, size):
ter(it)
miviter(lambda: tuple(islice(it, size)), ())

jodel from config(config, ckpt, device=torch.device("cuda™), verbose=False):
{f"Loading model from {ckpt}")

i torch.load(ckpt, map_location="cpu™)
iobal_step” in pl_sd:

Ent(f"Global Step: {pl sd['global_step']}")
)1 _sd[“state_dict"]

= instantiate from config(config.model)
smodel.load state dict(sd, strict=False)
i(m) > @ and verbose:

dnt("missing keys:")

int(m)

i(u) > @ and verbose:

?;é"l.nt("unexpected keys:")

éfi'mt(u)

CON
TECH
LAB _

Ik:i:(:e == torch.device("cuda"):

"Fiel.cuda()

evice == torch.device("cpu"):

del.cpu()
idel.cond stage model.device = "cpu”

Stable Diffusion 4K Images of unique proposals generated using a ‘LoRA’ B earecE device name. Received: {device}")

Al Model trained with a custom ‘Danish Design’ image & caption dataset.
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COWI Virtual-inspection - billedgenkendelse

"
i -

1

P

we can generate complete datasets that will improve g ,, Next, the data is pﬂg'essed, and Artificial

analysis, collaboration, decision making, SRS intelligence is used to detect eachdamage.
>
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Search properties

<3 proprty.ai
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Al is best where ...

2

@

\g >\</ \ 0/ A hallucinates
o
"/

... there is loads of

away from the data
data.

IS.

... it can fill in the
holes.

20



By 2030, Synthetic Data Will Completely Overshadow Real Data in Al Models

A

« Artificially Generated Data

» Generated From Simple
Rules, Statistical Modelling,
Simulation and Other
Techniques

Future Al

Data Used
for Al

Today's Al

» Obtained From Direct
Measurements

« Constrained by Cost, Logistics,
Privacy Reasons

2020 y 2030
Time

Source: Gartner

750175 C

Gartner
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The Art of

PATTERNS OF ENTERPRIsE
APPLICATION AR
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\  Programming
IE Collecthfe Intelligence
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01001100
00111100
11000111
10001011
01100011
10001000Q
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11000111
11001111
10110111
01101001
01100110

1nNNN1i1

1001111DATA 11

10100006
01100000
00011011
11111010
11110000

10111001
10000001
00110000
00110010
10011011
00100111
10011001

viiuud0l
10100000
11000111
10110001
01001001
00111000
01110100
10100001
00000110
00011000
11111111
11001101

100100100
001111001
101110000
011000001
110001100
011100111
100111001
100000100
111100000
100100011
111110000
011001000
110000010
010010101
000101001
101111101
011101011
110100011
000111111




Ide & Business Case Design & Projektering Udferelse

Simulering & Analyse

pkonomi, Riscici og Tidsplan

Indkob & Aftaler

Arbejdsmiljo & Sikkerhed




“PrOJekterlng;

visualisering "
& tilbuds-

- tekst

= “Kontrakter,
afgorelser

Wog |

s = gkonomi-

analyser

Optimering af
projekt og '
proces samt | li,

referat-la &
skrivningg”

- Overvagning og
““godkendelser




